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Hsiao-Wuen Hon

MERILMEAFRE ( HERIZMEARET ) 5 R EIEManaging Director

Hsiao-Wuen Hon is corporate vice president of Microsoft, chairman of Microsoft’ s Asia-Pacific R&D
Group, and managing director of Microsoft Research Asia, where he drives Microsoft’ s strategy for
research and development activities in the Asia-Pacific region, as well as collaborations with academia.
Hsiao-Wuen has been with Microsoft since 1995. Previously, he founded and managed Microsoft’ s
Search Technology Center and led the development of Microsoft’ s search products (Bing) in Asia-Pacific.



Prior to joining Microsoft Research Asia, he was the founding member and architect of the Natural
Interactive Services Division at Microsoft Corporation. An IEEE fellow and a distinguished scientist of
Microsoft, Hsiao-Wuen is an internationally recognized expert in speech technology. He has published
more than 100 technical papers in international journals and at conferences.
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b 28 KTA ( Grand Hall A)

JEIHE © Hsiao-Wuen Hon ({MERITMBFZEEE (Microsoft Research Asia))
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HRiE 3T (Speed Networking)
HE] : 08:00-08:30 Thursday, April 12, 2018

A ERRATERAZ LESKEENSSESH. SNBERNEREH ZRET— M FERRIRELRE
&), —EEH LB IR R EREZHAREN.

MFERSIMFRATEEAS BN —BERFER | AT aB RS SE IR,

wERA , EE—DHXTEC. MBMNBHINE. (FERD BN —IS2ETRE RFIR5K , RIS
L2 gC S VASE < 8

ERENRH AR T N AREEEMATI.

If one of your goals at the Al Conference is to meet new people, this session will jumpstart your
networking with fellow attendees.

Bring your business cards and prepare a minute of patter about yourself, your projects, and your interests.
You' Il spend two minutes exchanging cards and information with a fellow attendee. When the chime
sounds, you’ Il move on to the next attendee.

If there’ s time at the end, we' Il have an open mix.

BANFEEFES (Thursday Topic Tables at Lunch)
F8) : 11:55-13:10 Thursday, April 12, 2018
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Industry Table discussions are a great way to informally network with people in similar industries or
interested in the same topics. Industry Table discussions will happen during lunch on Thursday, April 12,
and Friday, April 13.

Topics will include:

Financial services

Health and medicine

The industrial internet, manufacturing, and the loT

Ecommerce, media, and advertising

Transportation, robotics, and logistics

49138, BR

HhizEit3z, BIHE/ZIRSS (Speed Networking and Morning Coffee and Tea Service)
A& : 08:00-08:45 Friday, April 13, 2018
R 38 FFT ( 3rd Floor Foyer )
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If one of your goals at the Al Conference is to meet new people, this session from 8:00 to 8:30 will
jumpstart your networking with fellow attendees.

Bring your business cards and prepare a minute of patter about yourself, your projects, and your interests.
You will spend two minutes exchanging cards and information with a fellow attendee. When the chime
sounds, you’ Il move on to the next attendee.

If there’ s time at the end, we' Il have an open mix.

BARFEEF RS (Friday Topic Tables at Lunch)
A& : 11:55-13:10 Friday, April 13, 2018
M AT T R EFRT (Rainbow Room & Ballroom)
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Industry Table discussions are a great way to informally network with people in similar industries or
interested in the same topics. Industry Table discussions will happen during lunch on Thursday, April 12,
and Friday, April 13.

Topics will include:

Financial services

Health and medicine

The industrial internet, manufacturing, and the loT

Ecommerce, media, and advertising



Transportation, robotics, and logistics
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REZAIN AR REF IS ENS LR AESEMHEE, TensorFlow AR EIR U T HUERZE , NILESE
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HHIBENEA :

Tianhui Michael Li is the founder and CEO of the Data Incubator. Michael has worked as a data scientist
lead at Foursquare, a quant at D.E. Shaw and JPMorgan, and a rocket scientist at NASA. At Foursquare,
Michael discovered that his favorite part of the job was teaching and mentoring smart people about data
science. He decided to build a startup that lets him focus on what he really loves. He did his PhD at
Princeton as a Hertz fellow and read Part 11l Maths at Cambridge as a Marshall scholar.

Season Yang is a data scientist in residence at the Data Incubator, where he also contributes to
curriculum development and instruction. Previously, Season worked at NASA' s Goddard space center,
where he studied climate change models with data analysis. He holds a double bachelor’ s degree in
applied mathematics and scientific computation and economics from UC Davis and a master’ s in applied
mathematics from Columbia, specializing in numerical computation.

BZ=&E=
AT EeENSRRE | BECEREASIVEXBEANTY

£ZINRET3A+B ( Function Room 3A+B)






Jike Chong (Tsinghua University | Acorns), E$4 (Tsinghua University)
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Michael Li (The Data Incubator), Season Yang (The Data Incubator)
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Chia Wei Lim (Skymind), Wang Feng (Skymind)

DAY IEE FH IR BB ML (RNN ) ELHIERRRIFEEMR | BPATESEPRA9Z=AIh A 88
BB ML (RNN ) BURAIREHER ? XEGERIEIAdeeplearning 4 ESRH B2 EIAHEMES (RNN ) &
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Break: ZF& (Lunch)

Break: EMIHEARSS (Morning Coffee and Tea Service)

Break: L43%8X (Morning Break)



Break: T8k (Afternoon Break)
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Erran Li (Uber ATG)
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Getting up and running with TensorFlow

IRET (Auditorium)

Yufeng Guo (Google)

Yufeng Guo walks you through training a machine learning system using popular open source library
TensorFlow, starting from conceptual overviews and building all the way up to complex classifiers. Along
the way, you'll gain insight into deep learning and how it can apply to complex problems in science and
industry.

Deep reinforcement learning tutorial

RET (Auditorium)



Arthur Juliani (Unity Technologies)

Recently, computers have been able to learn to play Atari games, Go, and first-person shooters at a
superhuman level. Underlying all these accomplishments is deep reinforcement learning. Arthur Juliani
offers a deep dive into reinforcement learning, from the basics using lookup tables and GridWorld all the
way to solving complex 3D tasks with deep neural networks.

HTFApache Spark}:BigDLiz{757h = Keras

£ZINRET2 ( Function Room 2)



Zhichao Li (Intel)

REZIRARRF SR ESEEIRO TN FZINET | HEHA TSNS, (FARZDR_LEREN
& APl Z— , Keras RIESEN{BAVERIR, DRIRMBHTIREMGRE | FH3d52 15l , B4 TensorFlow #1 Theano, £
NEfD , FAVEERUMEIE Keras ToEEEERTE BigDL ( Apache Spark —FhOHRIUREFIESR ) &, LUER
FiBdEfTo D, Keras EETHE/R® B AMESEHIIAE Hadoop/Spark E8E BT, (EERANSHE
I,

Bringing Al into the enterprise

£ZIJ8ET8A+8B ( Function Room 8A+8B)



Kristian Hammond (Narrative Science)

Even as Al technologies move into common use, many enterprise decision makers remain baffled about
what the different technologies actually do and how they can be integrated into their businesses. Rather
than focusing on the technologies alone, Kristian Hammond provides a practical framework for
understanding your role in problem solving and decision making.

Break: & (Lunch)

Break: RUHEARSS (Morning Coffee and Tea Service)



Break: E4-3%ER (Morning Break)

Break: 2% &X (Afternoon Break)
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RET (Auditorium)
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Ben Lorica (O'Reilly Media), Roger Chen (Computable Labs), Jason (Jinquan) Dai (Intel )

K= HFEERE Ben Lorica, Roger Chen 5 Jason DaiflF A —KETEH,
Understanding automation

LS KRTA ( Grand Hall A)






Ben Lorica (O'Reilly Media), Roger Chen (Computable Labs)

Details to come.

Turning machine learning research into products for industry

LEKATA ( Grand Hall A)



Reza Zadeh (Matroid | Stanford)

Reza Zadeh details three challenges on the way to building cutting-edge ML products, with a focus on
computer vision, offering examples, recommendations, and lessons learned.

FEEH, Alan Qi
L KRTA ( Grand Hall A)



Alan Qi (Ant Financial)

HISHIRFE ST,
FHEH, Professor Hui Xiong
LS KRTA ( Grand Hall A)



Hui Xiong (Baidu)

BIEHITES T,
Democratizing deep reinforcement learning

LS KATA ( Grand Hall A)



Danny Lange (Unity Technologies)

Danny Lange offers an overview of deep reinforcement learning, an exciting new chapter in Al" s history
that is changing the way we develop and test learning algorithms that can later be used in real life.

LR HEE (Closing Remarks)

LKL KTA (Grand Hall A)

ZEREEF (Closing Remarks)
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Erran Li (Uber ATG)
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—HERE G REMIEH B EHANES. Erran LESTNCIRIIEEAEFEISE (HltinfoGAIL ) | SRESHRE
EMEXIEESS (fliNoption-criticBéty ) FHEANEE | URENEENESWTENNA. ErranZERaNss
XU FREERERIRIRAT .

Al AR EeBayl @ RSN
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HUA YANG (eBay)

BERSIERAEFNANBRFIRANFS., AN TERERANHE—LLRE , BR5IEEERRGEANAIFS, &
REHBNEREF IMNERESERR AT eBay - MiZRFERIN .

BFEANEWREZIRA
LEKRTA (Grand Hall A)



Bichen Wu (UC Berkeley)

REF IR AR T BafSHRARRER R, EAFADEKATE | 1) REFIREFTELEN
WEREEE 2 ) AMERREFIREUDRMEAT100%EHE 3 ) REFIRBNHESRERS , BHTEHITEN
AOSIERES]. XMAEERSRIE ETLANAERE.

PerceptinfEi AT ASHRRF R
L KRTA (Grand Hall A)



Bo Yu (Perceptin)

BET ATERANBRARARIRER R | TABRRARER , MHBE2BEH— N SZHENNE , 75%)
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Crossing the enterprise Al chasm

229 AfTB ( Grand Hall B)




Simon Chan (Salesforce)

Building an end-to-end Al application in production is tremendously more complicated than simply doing
algorithm modeling in a lab. Simon Chan explains how to cross the gap between Al research fantasy into
real-world applications.

Using Al to analyze the impact of financial news

L KTB ( Grand Hall B)



Zhefu Shi (University of Missouri)

It is critical to analyze the business impact on finance market from worldwide events. Zhefu Shi explains
how to use Al to analyze the impact of financial news, using a financial data pipeline. Zhefu outlines how
to extract financial entity information and use it to analyze business impact. All of the components use Al
to enhance functionality.

Introducing Spark NLP: State-of-the-art natural language processing at scale

Y& KTB ( Grand Hall B)



David Talby (Pacific Al)

Natural language processing is a key component in many data science systems that must understand or
reason about text. David Talby offers an overview of the NLP library for Apache Spark, which natively
extends Spark ML to provide open source, fully distributed, and optimized versions of state-of-the-art
NLP algorithms, covering the library's design and sharing working code samples in PySpark.

Extending Spark NLP: Training your own deep-learned natural language understanding
models

S KB ( Grand Hall B)



David Talby (Pacific Al)

To achieve high accuracy when reasoning about text, you generally need to understand specific
languages, jargons, domain-specific documents, and writing styles. David Talby explains how to train
custom word embeddings, named entity recognition, and question-answering models on the NLP library
for Apache Spark.

Building a commercial natural language understanding system

Y& KTB ( Grand Hall B)
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Sangkeun Jung (SK Telecom)

Natural language understanding is a core technology for building natural interfaces such as Al speakers,
chatbots, and smartphones. Sangkeun Jung offers an overview of a spoken dialog system and recently
launched Al speaker, NUGU, and shares lessons learned building a commercially efficient and sustainable
natural language understanding system.

K - MAEE AT B AP FRINERH0

RET ( Auditorium)



$3E (Microsoft China)

B20145E5 BER ALK , BT 1ZA9RE+E. BAMEENRFSEBIATERmIVK ( Xiaoice ) #HT
TH, #TTEARRNE. HIPBEoFE ENFHIREIXRBENH  FoBRNAEREI IREEEFN
BIRAERA

Representing knowledge through graphical models

IRET (Auditorium)



Ruiwen Zhang (SAS Institute)

Drawing on several real-world cases, Ruiwen Zhang demonstrates how to visualize the structure of a
probabilistic model and provide better insights into the model properties, which can be further used to
design and motivate new models, and how to reduce the computational complexity required to perform
inference and learning in sophisticated models using graphical models.

AKESREMEFHRE. HInRMERLUN RS

RET (Auditorium)
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Modernizing the healthcare industry with Al

L& ATA (Grand Hall A)



Arjun Bansal (Intel)

Artificial intelligence is transforming every industry, but the role it will play in healthcare is profound.
Arjun Bansal explains how Al can give physicians new insights and speed time to diagnosis by leveraging
vast amounts of healthcare data as well as reduce the time and money spent to develop new medicines.

AT BRI AR

IRET (Auditorium)



.,
-

Zhong Wu (DataVisor)

PEEEBMNANTAR , EREAFAI% GRS EENRER R |, k5| T XENBF , BMERNEN "2
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[ERVEREE AR,

Scaling convolutional neural networks with Kubernetes and TensorFlow

£ZINEET2 ( Function Room 2)



Reza Zadeh (Matroid | Stanford)

Reza Zadeh offers an overview of Matroid’ s Kubernetes deployment, which provides customized
computer vision and stream monitoring to a large number of users, and demonstrates how to customize
computer vision neural network models in the browser. Along the way, Reza explains how Matroid builds,
trains, and visualizes TensorFlow models, which are provided at scale to monitor video streams.

Practical considerations when shifting to using deep learning for your text data

2ZIN8EfT2 ( Function Room 2)
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Emmanuel Ameisen (Insight Data Science), Jeremy Karnowski (Insight Data Science)

Emmanuel Ameisen and Jeremy Karnowski share a guide for moving your company toward deep learning
using a collection of NLP best practices gathered from conversations with 75+ teams from Google,
Facebook, Amazon, Twitter, Salesforce, Airbnb, Capital One, Bloomberg, and others.

Conducting machine learning research within custom-made 3D game environments

£ZINRET2 ( Function Room 2)



Danny Lange (Unity Technologies)

Danny Lange demonstrates the role games can play in driving the development of reinforcement learning
algorithms. Danny uses the Unity Engine with the ML-Agents toolkit as an example of how dynamic 3D
game environments can be utilized for machine learning research.

Deep learning for speech recognition and profiling

£ZINRET2 ( Function Room 2)



Yishay Carmiel (IntelligentWire | Spoken Labs)

Yishay Carmiel offers an overview of neural models in speech applications, covering the dominant
techniques and the elements that have contributed to the rapid progress. Yishay also looks to the future,
examining which problems still remain and how far we are from solving them.

Modernizing the healthcare industry through Al

£ZINRET2 ( Function Room 2)



Arjun Bansal (Intel)

Precision medicine promises to revolutionize healthcare by delivering better health outcomes at lower
cost by eliminating trial-and-error medicine, and Intel is working to make this a reality. Arjun Bansal
shares emerging algorithms and models used to analyze healthcare data, including electronic health
records, medical images, and pharmaceutical and genomics datasets.

iR A B BRI 5537 = RO FASCRe
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Tie-Yan Liu (fERIENERZTBERERI iR (Microsoft Research Asia))
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Yi Zhang (University of California, Santa Cruz | Rulai)
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Enhao Gong (Stanford University | Subtle Medical), Greg Zaharchuk (Stanford University)
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Ben Lorica (O'Reilly Media), Jason (Jinquan) Dai (Intel), Roger Chen (Computable Labs)

Program chairs Ben Lorica, Jason Dai, and Roger Chen open the second day of keynotes.

Get your hard hat: Intelligent industrial systems with deep reinforcement learning

LS KRTA ( Grand Hall A)



Mark Hammond (Bonsai)

Mark Hammond explores a wide breadth of real-world applications of deep reinforcement learning,
including robotics, manufacturing, energy, and supply chain. Mark also shares best practices and tips for
building and deploying these systems, highlighting the unique requirements and challenges of industrial

Al applications.

TensorFlowSd R840
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Sherry Moore (Google)

ATEREERAERNREY | BIERERATAIBEEFN—ED. EAERT , 83 TensorFlowiinSE
Sherry Moore SN A EZ I 2UTEFHAN | FIENTREZENARE. ESiTicittE S TFEI [
3 (AutoML ) TELARJINEFEFISHFREEATensorFlowF #2895 AZ=S.

F5mEiH, Dr. Bowen Zhou
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Bowen Zhou (JD.com)

BIBHITES T,
Keynote by Hassan Sawaf

L2 KATA ( Grand Hall A)



Hassan Sawaf (Amazon Web Services)

Details to come.
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Baining Guo (fERIFMAFFET (Microsoft Research Asia))
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Sherry Moore (Google)
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(1) BYSNRATERIXEELE (2) ATERFSRZIERGE (3) ALERFahERESHESHRFES
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HIAIRER

Transfer learning and the future of Al

LS KTB ( Grand Hall B)




Dr. Catherine Havasi (Luminoso)

The next frontier in Al is transfer learning, which enables computers to apply what they’ ve learned in
one scenario to new situations, making Al-based systems far more powerful, reusable, and flexible. But is
it ready for enterprise deployment, and if so, how can it be applied to solve business problems? Join
Catherine Havasi to find out.

The tensor processing unit: A processor for neural network designed by Google

S KTB ( Grand Hall B)



Kaz Sato (Google)

The tensor processing unit (TPU) is a LS| designed by Google for neural network processing. The TPU
features a large-scale systolic array matrix unit that achieves outstanding performance-per-watt ratio.
Kazunori Sato explains how a minimalistic design philosophy and a tight focus on neural network
inference use cases enables the high-performance neural network accelerator chip.

Lessons learned from Singles Day: Using Al to keep ecommerce and internet business
glitch free

229 AfTB ( Grand Hall B)



Shyam Sundar (Anodot)

Shyam Sundar explains how to use unsupervised machine learning to keep websites and mobile apps
running smoothly under the stress of massive numbers such as those seen on Singles Day. With this
method, pricing errors, conversion problems, and business opportunities can be caught early and
resolved, protecting companies against revenue loss and brand damage.

Optimizing deep learning frameworks for modern Intel CPUs

& KATB ( Grand Hall B)



Huma Abidi (Intel)

Intel has been optimizing deep learning frameworks (in collaboration with framework owners) for Intel
Xeon processors based on its Skylake microarchitecture. Huma Abidi details these collaborative
optimization efforts, particularly for TensorFlow and MXNet, explains how users can leverage these
optimizations, and shares specific tuning tips to get the best performance on Skylake platforms.

Feature engineering: The missing link in applying machine learning to deliver business
value

S KB ( Grand Hall B)



Hendra Suryanto (Rich Data Corporation )

Hendra Suryanto shares a case study from a Canadian financial lender that his company helped transition
from manual to automated credit decisioning, using gradient boosting machine and deep learning to
build the model. In addition to modeling techniques, Hendra highlights the role feature engineering plays
in improving model performance.
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Brian Liu (Intel)
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Hui Lin (Liulishuo)
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Yinyin Liu (Intel)
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Session by Hassan Sawaf
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Hassan Sawaf (Amazon Web Services)

Details to come.

Deep reinforcement learning’ s killer app: Intelligent control in real-world systems

ZINRET2 ( Function Room 2)




Mark Hammond (Bonsai)

Mark Hammond dives into two case studies highlighting how deep reinforcement learning can be applied
to real-world industrial applications.

Building deep reinforcement learning applications on BigDL and Spark

£ZIhEET2 ( Function Room 2)



Arsenii Mustafin (Fudan University)

Deep reinforcement learning is a thriving area and has wide applications in industry. Arsenii Mustafin
shares his experience developing deep reinforcement learning applications on BigDL and Spark.

Databases: The past, the present, and the future of cognitive computing

£ZIhEET2 ( Function Room 2)



Haikal Pribadi (GRAKN.AI)

The relational database enabled the rise of Bl systems, and NoSQL databases enabled web scale
applications. Now, the future is cognitive computing. However, these systems process data that is more
complex than before. Haikal Pribadi reviews the evolution of databases and explains where knowledge
graphs and bases sit in this evolution. Could they serve as the next generation of databases?

Smart diagnosis in healthcare with deep learning

2ZIh8EfT2 ( Function Room 2)



Nishant Sahay (Wipro Limited)

Deep learning with ConvNet in particular has emerged as a promising tool in medical research labs and
diagnostic centers to help analyze images and scans, and systems are now surpassing human capability
for manual inspection. Nishant Sahay explains how to apply deep learning to analyze high-end
microscope images and X-ray scans to provide accurate diagnosis.
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Yonggang Hu (IBM), Junfeng Liu (IBM), Feng Kuan (IBM Canada)
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BhERShRATERE: Artificial intelligence in autonomous vehicle systems
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Tony Xing (Microsoft), Bixiong Xu (Microsoft)
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Weiyue Wu (University of Oxford)
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