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Frequent remote upgrade CPU-constrained, real-
time

Cloud processing
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Network in Network

NIN: complex-cell filters, pure convolutional, 1x1 convolution layers

NIN
CNN

4

# feature maps = # classes

| can also tell you that some of the ideas developed in your Network-in-Network paper were
instrumental to other strong performers in the challenge, so congratulations for that
contribution as well. --- Vincent and Jeff, Google
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Feature refinement

Dual-path Networks

ImageNet 10003448155
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Feature re-exploitation



>> A— §IEEI|:| %%‘E‘:%Iﬂb j_li% EvelideaStackCon




Pl AR A B

PN ==

NGIKE




P

'T%T//\TJJ

JF

ERURIE

FUMIES

il



>>?JHL;J’/'tJﬁ\§j\7I;ﬁ T TagS =\ c=StackCon

VIS
Tags

o O (1) BEIEREE, (2) B EBTATERR
o FRIRFTER  BEF|DE
o« WHIZE . BUMAATag,



%) : A LTL%\;I;)-’F »veVidemStackCon

BEREEABIEE FLFWIAE]99.7% B F A= —! 3.15 ip = MY R AR AIAIE



PoUluEE | AREHE. AL, BN

e . BB TEHIAEHL: SEER. BEER




SR

Cost <0.5s to generate stylization model for any give style image, and then run stylization in real-time!
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chengiang-iri@360.cn
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