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https://beamandrew.github.io/deeplearning/2017/02/23/deep_learning_101_part1.html
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Supervised

2015, Deep Learning of
Binary Hash Codes for
Fast Image Retrieval

Unsupervised

2016, Learning Compact
Binary Descriptors with
Unsupervised Deep Neural
Networks



£ AR NEE F IS R IS FF IR Y

eBay201 7, Visual Search at eBay
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