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import tensorflow as tf
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hello op = tf.constant('Hello, TensorFlow!")
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# Define the session to run graph

with tf.Session() as sess:
print(sess.run(hello op))
print(sess.run(compute op))
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+ TensorFlow is library
+ Installed manually

+ Configure manually |
+ Distributed manually
+ Run and tune manually
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Distributed TensorFlow Workflow
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+ Cloud computing instead of bare metal
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+ Integrated with train and model service

+ High availability and failover for train job .
+ Resource isolation and dynamic scheduling
+ Parallel training and automatically tuning



Cloud-ml: All-in-one Platform
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 Cloud-ml: Kubernetes Inside
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The Architecture

Cloud-ml
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